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• KARMMA does not require aligned inputs for training
• Enables any-to-any inference over trained modalities
• Improves robustness under missing-modality conditions
• Reduces student memory by ~50% compared to the teacher
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Student resource efficiency gains over the teacher on Epic-Kitchens [1]3
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Something-Something [2]

Robustness to missing modalities2
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Qualitative results on Epic-Kitchens [1]1

Results

Multimodal student with KARMMA 
enhancements:
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Missing modality strategy2

Multimodal teacher training1
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Knowledge distillation3
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Goal: Train with incomplete modalities and 
enable efficient inference with any available 
subset of trained modalities.

Motivation:

Overview

KARMMA (ours)
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KARMMA is a multimodal-to-multimodal
distillation framework for egocentric action 
recognition that does not require modality-
aligned data and supports any subset of 
modalities at inference. It produces a 
lightweight student robust to missing 
modalities without retraining.

TL;DR
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